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Abstract: Tropical semi-arid regions suffer with recurrent droughts and uncertain water availability,
but a few research studies have been conducted to further understand those complexities and their
relationships with reservoir hydrodynamics. This study assessed the hydrodynamic processes of a
multiple-use reservoir located in the Brazilian semiarid region. The aim was to apply the CE-QUAL-
W2 model to understand the lake’s thermal structure and its variabilities in time and space by using
the Richardson’s number (Ri) as a reference. Meteorological patterns were also investigated. Results
show that: (1) no significant changes were found by analysing the spatial variabilities of stratification;
(2) seasonal changes were relevant as more robust stratification stability was observed in the wet
period when water availability may be impacted by poor water quality; (3) from meteorological
evaluations, rainfall showed a strong coefficient of determination with Ri (r2 of 0.77); and (4) a
threshold value of 60 mm in monthly precipitation was found as an indication of a stable stratification
in the water column. Wind speed and water level partly influenced Ri’s variabilities, while low
impact was noted for air temperature and inflow. These results can promote an improvement in
water-resources management by linking rainfall regime and reservoir hydrodynamics.

Keywords: CE-QUAL-W2; hydrodynamics; Richardson’s number; stratification

1. Introduction

Water availability is a major concern throughout the world [1–5]. This issue is evident
in tropical semi-arid reservoirs, as high evaporation indexes and low storage volumes are
associated with poor water-quality standards [6–9]. For instance, Lima Neto [7] analysed
such reservoirs to evaluate the impacts of artificial-destratification techniques on water
availability by evaporation suppression. Multiple man-made reservoirs were built in the
Brazilian semi-arid region in order to fulfil the local population needs of water as recurrent
droughts occur, generating a dense reservoir-network system [9–11]. Wiegand et al. [9] eval-
uated trophic-state changes under drought conditions in Brazilian semi-arid reservoirs that
provide water supply for the population. On this basis, the importance of fully understanding
reservoir hydrodynamics and thermal structure is strengthened, as they are determinant
factors for water quality [12–18]. Zouabi-Aloui et al. [13] evaluated the impacts of with-
drawal on a Tunisian reservoir’s thermal structure and multiple water- quality parameters.
Ziaie et al. [13] investigated water-quality parameters with stratification patterns in an Iranian
reservoir, finding correlated dynamics between them.

Most studies on reservoir hydrodynamics have been performed in temperate-climate
reservoirs, which usually have low water level variation and where water availability
is not a frequent issue, compared to arid and semiarid regions [6,19–23]. On the other
hand, only a few research studies have been conducted in tropical semi-arid water bod-
ies, although these regions show highly unstable climate with frequent droughts, ir-
regular rainfall throughout the year, high volume variation, and massive evaporation
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rates [5,24–29]. Ma et al. [24] studied a Mediterranean reservoir (semi-arid climate), notic-
ing seasonal patterns in stratification and its variation with selective withdrawal, but
the lake’s thermal structure was evaluated only by water-temperature differences. Fur-
ther, Saber et al. [25] applied different stability numbers using in-lake measurements in a
semi-arid reservoir to understand its thermal structure, and water-velocity gradients were
estimated by wind-induced surface shear velocities.

In this context, in relatively small water bodies, where the earth-rotation effects are
small, stratification is the central force in the transport processes [30]. Stratification influ-
ences the nutrient release from sediment as it favours the development of a well-mixed
and low-nutrient epilimnion with an anoxic, and a high-nutrient hypolimnion isolated by
a stable thermocline (oxycline) [3,31–35]. Moura et al. [34] evaluated phosphorus-sediment
release for semiarid reservoirs under oxic and anoxic conditions, the latter favouring
phosphorus-internal loading and being developed with increased stratification.

On this basis, the mixing patterns of a water body are mainly influenced by meteo-
rological forcings, such as air temperature, wind speed and direction, and rainfall, along
with in-lake dynamics, namely inflow, outflow, withdrawal, and its water depth [22,36–42].
Plec et al. [42] investigated, with a 3D model set-up in a Brazilian reservoir, the impacts
of stream inflow on the lake’s thermal structure and found that colder inflows might gen-
erate a density current that favours nutrient release from sediment. Also, the reservoir’s
morphology is significant in its hydrodynamic behaviour [22,41,43]. Magee and Wu [41]
studied lakes located in Wisconsin/USA with a different morphology, finding that meteo-
rological conditions have multiple impacts on their thermal structure, depending on each
surface area and water depth. This supports the idea that each water impoundment has its
particularities, depending on its latitude, shape, watershed size, land use and occupation,
and rainfall regime.

Different indexes are used to describe the hydrodynamics of a reservoir [23,30,44,45].
Among them, Richardson’s Number (Ri), which represents the ratio of buoyancy to shear
forces, is commonly used to analyse the mixing patterns in water bodies [23,25,46]. There is
no need to determine the extent of the thermocline to estimate Ri as it depends only on the
surface and bottom horizontal velocity and density (see Equation (1)), the latter determined
from water temperature [47–49].

Ri =
buoyancy

shear
=

(g/ρ)(∂ρ/∂z)

(∂u/∂z)2 (1)

where z = depth [m], which is positive in the downward direction, g = acceleration due
to gravity [m/s2], ρ = water density [kg/m3], ∂ρ⁄∂z = gradient of density with depth, and
∂u⁄∂z = gradient of horizontal velocity with depth or shear.

The value of Ri = 0.25 is commonly accepted as a threshold, above which the strati-
fication is considered stable, and otherwise the water column is fully mixed [25,46,48,50].
Xing et al. [46] evaluated mixing and water quality patterns under varying wind conditions
along with Ri analysis. Moreover, multiple studies have shown a range for Ri that charac-
terizes a water regime transitioning from mixed to stratified, with 0.25 < Ri < 1.00 [25,30,51].
Saber et al. [25] found water column’s stability when analysing Ri increase from under 0.25
to over 1.00 values in Arizona/USA.

In order to study the hydrodynamics of water bodies and to apply the above-mentioned
indexes, such as Ri, different numerical and multidimensional models are available [19,52–55].
These models can be unidimensional, bidimensional, and tridimensional. Within them, bidi-
mensional models, such as CE-QUAL-W2, have properly represented reservoirs’ hydrody-
namic processes with relatively low computational effort and are largely used to simulate
lakes and reservoirs [5,12,24,56–58]. Mesquita et al. [5] analysed an urban lake’s hydro-
dynamics and evaporation processes with their impacts on water quality by applying
CE-QUAL-W2. Moreover, Kim et al. [58] evaluated seasonal patterns and its dynam-
ics with water quality parameters in a Korean hydropower-generating reservoir using
CE-QUAL-W2 simulations.
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The aim of this work was to assess meteorological and thermal-stratification variance
of a tropical semiarid reservoir and understand its main temporal and spatial variabilities.
In order to evaluate the mixing patterns of the water body, Richardson’s Number (Ri)
was applied. Correlations between Ri and different variables, namely wind speed, air
temperature, rainfall, inflow, and water level, were calculated. Afterward, the influence of
meteorological forcing on the reservoir’s stratification regime was estimated with seasonal
and long-term variabilities. The laterally averaged CE-QUAL-W2 model was used for
the analysis to improve the current knowledge on the particular processes of semiarid
water bodies.

2. Materials and Methods
2.1. Study Site

The Pentecoste reservoir (3.80◦ S, 39.26◦ W) is approximately 80 km west of Fort-
aleza, the state of Ceará, Brazil, in a semi-arid region accordingly to the Koppen climate
classification (see de Araújo & Piedra [6]; Muniz et al. [59]), and has multiple uses. The
mean annual rainfall is 820 mm, usually concentrated between February and May (wet
season). The mean air temperature is 27 ◦C, and an average wind speed of 2.80 m/s was
estimated between 2009 and 2010 when appropriate data measurements were available for
the model set-up. Semi-arid regions have pronounced seasonality noted in climate condi-
tions as rainfall events are concentrated in a few months of the year (see Alazard et al. [60];
de Araújo et al. [2]; Lima Neto et al. [61]).

Pentecoste reservoir has a maximum capacity of 360 hm3, a surface area of 46.6 km2, a
maximum depth of 19.8 m, a mean depth of 6.5 m, and a catchment area of 3090 km2. The
theoretical residence time is approximately 13 months. Furthermore, as shown in Figure 1,
the Pentecoste reservoir is formed by two main branches that come from rivers Canindé
and Curu, both intermittent (i.e., streamflow only occurs during the wet season).
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2.2. Model Description

The CE-QUAL-W2 model was chosen for this study as it is a multidimensional model
that allows systemic evaluation of hydrodynamic patterns with relatively low computa-
tional effort when compared to 3D systems. It is a 2-D laterally averaged hydrodynamic
model that is adequate for long and narrow water bodies [57]. The model solves the
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Reynolds Averaged Navier-Stokes (RANS) equations in the longitudinal and vertical direc-
tions. The equations are written in the conservative form using Boussinesq and hydrostatic
approximations. The model predicts water-surface elevations, velocities (longitudinal and
vertical), and temperatures. Temperature is in the hydrodynamics calculations because
of its effect on water density [57]. The turbulence-closure model named W2 assumes the
maximum vertical-grid spacing as the mixing length and uses the turbulence- viscosity
formulation derived by Cole and Buchak [62].

Also, the surface heat exchange is computed as described in Equation 2 (see Cole &
Wells [57]).

Hn = Hs + Ha + He + Hc − (Hsr + Har + Hbr) (2)

where Hn is the net rate of heat exchange across the water surface [W/m2], Hs is the incident-
short-wave solar radiation [W/m2], Ha is the incident long-wave radiation [W/m2], Hsr is
the reflected-short-wave solar radiation [W/m2], Har is the reflected-long- wave radiation
[W/m2], Hbr is the back radiation from the water surface [W/m2], He is the evaporative
heat loss [W/m2], and Hc is the heat conduction [W/m2].

The model requires a bathymetric map as a geometry input, inflow, and outflow data,
with the following meteorological forcing: air temperature, dew point temperature, cloud
cover, wind speed, wind direction, and precipitation. Radiation can be either given by the
user or estimated by the model. The latter was performed in this study. Also, equations
were applied using the finite difference method in the grid (see Mesquita et al. [5]).

2.3. Meteorological Data

Meteorological data consisted of wind speed and direction 10 metres from the surface,
air temperature and dew point temperature 10 metres from the surface, rainfall, and
cloud cover, following the model’s requirements for heat-fluxes estimations and with
measurements every six hours between July 2009 and April 2010. Parameters from ECMWF
(European Centre for Medium-Range Weather Forecasts) were used to reanalysis data.

The data from reanalysis were adjusted to correct bias based on five years of measure-
ments (2006–2010) from a Data Collection Platform operated by the Ceará State Meteorology
and Water Resources Foundation (FUNCEME), located ~1.3 km from the Pentecoste reservoir.

2.4. Model Configuration and Accuracy Evaluation

Input data consisted of bathymetry, flow rates, and meteorology. The period analysed
ranged between July 2009 and April 2010, when measurements of temperature profiles and
water levels were available for the model set-up.

On this basis, the Pentecoste reservoir was discretized into 137 longitudinal seg-
ments of 200 m each, and into vertical layers at each 1 m, resulting in a maximum of
21 layers according to the variation of the lake’s bathymetry, and considering the two
inactive boundary layers. A total of six segments along the reservoir were chosen for
spatial analysis (see Figure 2). Figure 2b shows the position where field measurements
were carried out. Additionally, the computation timestep of the model was 1 s.

The model is relatively insensitive to variations over default values in the constituents
and temperature-turbulent-dispersion coefficients when it comes to reservoirs [57]. On the
other hand, preliminary sensitivity analysis indicated that the most sensitive parameters
were the SHADE and WSC coefficients, related respectively to shading of incoming radia-
tion and wind sheltering. Note that small variations in those coefficients alter considerably
the model’s result.

The calibration and validation of the model were performed using temperature and
water-level data. The CE-QUAL-W2 shading (SHADE) and wind sheltering coefficients
(WSC) were manually adjusted for this evaluation. The Mean Absolute Error (MAE) was
used for the accuracy estimation (Equation (3)). Calibration was conducted for the dry
season, from 7-2-2009 to 1-31-2010, and validation was performed for the wet season, from
2-1-2010 to 5-31-2010, given the limited data availability in the region. Ideally, multiple
years of data would be used in the model setup; yet, this condition was not possible for
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the present study. Therefore, the authors chose to make calibration for one season and
validation for the other one, assessing model’s performance in both periods.

MAE = (∑n
(i=1)|(xi − x̂ι)|)/n (3)

where xi is the predicted value, x̂ι is the measured value, and n is the number of observations.
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2.5. Stratification

The Pentecoste Reservoir stratification stability was estimated using Richardson’s Num-
ber (Ri), a non-dimensional index largely applied to lakes and reservoirs [25,30,46–48,63,64].
Ri formulation was applied, as proposed in Chapra [48] (see Equation (1)).

Ri was calculated for each analysed segment of Figure 2. In order to determine Ri,
density and velocity values are necessary for both surface and bottom layers. Those values
were estimated as the average for three metres in the surface and three metres in the
bottom, meaning that we estimated the mean of water temperature and water horizontal
velocity model results for the three first layers of the water column and then for the three
bottom ones. This assumption was considered as the velocities of the bottom layer are
very close or equal to zero, resulting in extremely high or infinite Ri values, which is
not coherent. The water density was calculated from temperature with the empirical
formulation (Equation (4)) as in Dingjman [49].

ρ = 1000− 0.019549·|T − 3.98|1.68 (4)

where ρ is water density [kg/m3] and T is water temperature [◦C].
Correlations between the Ri estimated for the validation segment and different vari-

ables, e.g., wind speed, air temperature, rainfall, inflow, and water level, were analysed to
evaluate their influence on the reservoir’s stratification regime. For that, we used monthly
averaged values of each variable and then estimated the coefficient of determination. As
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no water-velocity measurements were available, Ri was determined only for the numeric-
model results.

3. Results and Discussion

The results for the accuracy evaluation using MAE are described by Table 1.
Figures S1 and S2 from the supplementary material give the comparison between modelled
and measured temperature profiles for calibration and validation periods, respectively.
MAE mean results are under 1 ◦C for both calibration and validation intervals, indicating a
good adherence between modelled and measured data, following Sharaf et al. [27] who
found similar MAE results in a semiarid reservoir located in Lebanon.

Table 1. MAE results from temperature profiles for both calibration and validation periods.

Calibration Validation

Day MAE (◦C) Day MAE (◦C)

12/8/2009 6:00 0.031 3/2/2010 6:00 0.122
12/8/2009 12:00 0.151 3/2/2010 9:00 0.173
12/8/2009 18:00 0.2 3/2/2010 12:00 0.235
12/9/2009 6:00 0.069 3/2/2010 15:00 0.364

12/9/2009 12:00 0.153 3/2/2010 18:00 0.326
12/9/2009 18:00 0.19 3/2/2010 21:00 0.34
1/26/2010 6:00 1.335 3/3/2010 0:00 0.222
1/26/2010 9:00 1.016 3/3/2010 3:00 0.207

1/26/2010 12:00 1.351 4/6/2010 6:00 0.4
1/26/2010 15:00 1.637 4/6/2010 9:00 0.428
1/26/2010 18:00 1.429 4/6/2010 12:00 0.503
1/26/2010 21:00 1.365 4/6/2010 15:00 0.486
1/27/2010 3:00 1.364 4/6/2010 18:00 0.528
1/27/2010 6:00 1.293 4/6/2010 21:00 0.598

4/7/2010 0:00 0.54
4/7/2010 3:00 0.454

Mean 0.828 Mean 0.37
Standard deviation 0.639 Standard deviation 0.146

Figure 3 shows the wind speed and air-temperature time series, and their 30-day
moving average, with the monthly rainfall and inflow for Pentecoste Reservoir’s location
within the period of interest. The time series of wind speed, rainfall, and inflow bring a clear
seasonal pattern, while for air temperature, this variation is more discrete as slightly lower
temperatures, along with a lower range of variation, are observed for the rainy months.
Ma et al. [24] investigated a semiarid lake in the USA that has similar seasonal behaviour
of meteorological conditions, especially when analysing inflow time series. The previous
discussions highlight the importance of artificial-water impoundments to guarantee water
supply for the population. For the region evaluated in the present work, the mean air
temperature observed for the dry period (second semester) was 28.1 ◦C, while for the wet
season, it was 27.2 ◦C, 3% lower than the first and the time series are significantly different
(p-value of 0.0059). Likewise, for the wind-speed trends, the values decrease from a 4.1 m/s
mean between August and December of 2009 to a 1.5 m/s mean in the other months
(~60% lower). In agreement to that, similar patterns were observed by Curtarelli et al. [39]
in a tropical reservoir and by França et al. [64] in a semi-arid water body, with two well-
defined seasons marked by lower wind speeds in the wet period.
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Figure 3. CE-QUAL-W2 input data (a) six-hour measurements and 30-day moving average of wind
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plot of rainfall and inflow daily measurements.

This pattern is due to the rainfall behaviour of the region and the higher wind speeds
on the dry season, when barely any precipitation is noticed. Also, low precipitation rates
concentrated on a few months of the year characterize semi-arid regions, which impacts water
availability and quality, as shown by De Araújo and Piedra [6]. De Araújo and Piedra [6]
found that, between two tropical watersheds, the river discharge availability was 73% in the
humid watershed, while it was only 28% in the semi-arid one due to evaporation losses.

In addition, the lack of rainfall associated with high wind speeds and air temperatures
favours the high evaporation rates of the Pentecoste reservoir in the second semester
of the year (dry period). This scenario alters the heat balance of the lake with the loss
of energy due to the evaporation process, a condition that might result in lower water
temperatures, impacting the lake’s thermal structure. Moreover, as the reservoirs retain the
water precipitation in the wet season and allow it to be used in the dry season, their water
levels vary significantly throughout the year. For this reason, the lake’s hydrodynamics and
water-quality behaviour are altered, as pointed out by Soares et al. [15] and Sharaf et al. [27].
Also, Sharaf et al. [27] noted water-level fluctuations of around 25 metres that are related to
dry-season water withdrawal.

Figure 4 gives the CE-QUAL-W2 hydrodynamic modelling results for the validation
segment of the lake (segment near the dam), with time series for water temperature and
horizontal velocity. The average temperature of the water surface in the rainy season is 8%
higher than the air temperature, at 29.4 ◦C. Meanwhile, the difference between water and
air temperatures for the dry period is less than 1%, indicating a more relevant retaining of
heat by the water body in the wet season. The previous scenario could be due to the higher
evaporation losses, i.e., energy losses, in the dry season, altering the energy balance of the
lake, as previously discussed. In this setting, Saber et al. [25] found that evaporation was the
main heat-loss mechanism during summer in a hot semi-arid deep reservoir. Furthermore,
higher temperature differences between the surface and bottom are noted when lower wind
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speeds and higher precipitation rates occur, similarly to França et al. [64]. Contrastingly,
Sharaf et al. [27] found a stratified water column during the dry season in a relatively deep
semi-arid reservoir in Lebanon. This opposite behaviour observed between the Pentecoste
reservoir and the Lebanese one, which are both under semi-arid conditions, may occur
because they present alternating wind patterns. In Pentecoste’s location, higher wind
speed is noted when there is no rain, while in Lebanon, no rain is associated with lower
wind speed.
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The surface and bottom-water temperature difference in the Pentecoste reservoir has
an average of 1.4 ◦C in the wet season, while in the dry period, this difference drops to
0.7 ◦C. This scenario indicates that either wind or rainfall could be a dominant force in
this environment. Also, similar to the behaviour observed by Polli and Bleninger [20],
the surface-layer temperatures show a higher variability than the bottom ones, reflecting
energy absorption from atmospheric conditions through radiation. Note that, for such high
temperatures, the water density variation is more significant than for a similar temperature
difference in colder regions, which means that a stable pycnocline can develop with a
relatively low temperature variation [49]. In addition, it is notable that meteorological
forcings are the main driver for the water column’s thermal structure, but they do not
act independently. Zouabi-Aloui et al. [13] demonstrated the impacts of fifteen different
withdrawal scenarios on a lake’s stratification pattern and found varying temperature
gradients with multiple outflow conditions.

Meanwhile, when the horizontal-velocity time series are analysed (Figure 4), the
surface-layer velocities follow a similar pattern to that of wind speed. The coefficient
of determination between daily wind speed and surface-horizontal velocity equals 0.51,
which indicates the wind is a determinant variable in surface-layer velocities, in agreement
with the findings of Curtarelli et al. [39]. Periods with higher wind speeds have lower
temperature differences between the surface and bottom, which indicates a mixing trend
in this period, as expected. The coefficient of determination between wind speed and the
temperature difference between the surface and bottom is 0.38, evidencing the existence
of a correlation between those two variables. Additionally, in the wet season, the bottom-
horizontal velocity was on average 5% lower than that of the surface. For then, the bottom-
horizontal velocity in the dry period was 47% lower than the surface one. This discussion
indicates that the water column’s circulation is driven by wind force in Pentecoste reservoir,
similar to the findings of Zhang et al. [22], where the impact of wind forcing was highlighted
as a vital factor determining circulation by analysing the thermal-structure results with and
without the wind-speed time series.
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In Figure 5, the Ri time series is presented along with the threshold value of 0.25. In
agreement with the previous discussions, Ri shows a stable stratification period in the
wet season, with values remaining consistently over 0.25. Contrasting with that found by
Anis & Singhal [65], and Curtarelli et al. [39], the Pentecoste reservoir did not exhibit
significant diurnal variability in stratification, although a seasonal pattern was notably
present (see Supplementary Material, Figure S1).
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Moreover, to understand the influence of meteorological forcing on stratification, the
Ri temporal response needs to be evaluated with meteorological time series, because Ri
cannot solely determine if external forcing favours the development of stratification (see
Kirilin & Shatwell [30]). The stratification in the Pentecoste reservoir tends to remain
stable when lower wind speeds and higher precipitation rates occur, as observed by
França et al. [64] and Garcia et al. [66]. We expected a mixing condition for Pentecoste
reservoir in the wet period due to the impact of inflow velocities on the reservoir’s stability,
as found by Sharaf et al. [27]. However, as the inflow rates are notably low and scarce, this
scenario does not occur.

On this basis, Figure 6 introduces Ri spatial and temporal (hourly and monthly)
evaluations to observe which variability is higher. Boxplots are plotted accordingly to
the analysed variability with a highlight on the thermal-structure breakdown (Ri = 0.25)
in subplot (a). Subplot (b) shows the frequency at which the water column is mixed and
stratified. The spatial analysis indicates remarkable differences among segments only for
the one closer to the spillway, in which the stratification remains stable (>0.25) most of the
time. This scenario follows the expected since the area near the dam is the deepest region
of the reservoir; therefore, it is more susceptible to temperature stratification. The monthly
and hourly evaluations for each segment were developed, and the previous statement was
confirmed (see Supplementary Material, Figures S2 and S3). This result is similar to what
Zhang et al. [22] found in an Australian reservoir, with thermal stratification observed near
the dam. Equally, Lacerda et al. [3] found a well-established stratification pattern in the
deepest region of a large semi-arid reservoir.

Furthermore, the impact of seasonal variability on Pentecoste’s stratification is clearly
shown in Figure 6, as the reservoir remains stratified in March and April of 2010 when
higher precipitation rates and lower wind speeds occur. On this basis, Saber et al. [25] also
found that seasonal climate variations remarkably influenced the water column’s stability.
Similarly, Xing et al. [46] observed lower Ri values when higher and more uniform wind
occurred. As for nictemeral variations, i.e., variability through the day, in the Pentecoste
reservoir, they are insignificant, since the portion of time that the lake remains stratified is
almost constant throughout the hours (Figure 6b.II), contrasting with what was found by
Xing et al. [46].

The correlation of monthly Ri and each forcing was developed to quantify the analysed
the forcing which impacts most on the lake’s stratification pattern, as shown in Figure 7. A
monthly timescale was adopted due to the seasonal effects on stratification and knowing
Ri presents high oscillation in a daily basis. The latter statement indicates an increase or
decrease in the stratification’s stability. From a management perspective, it is important to
know whether the water column is stratified or fully mixed along with its drivers. Thus,
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the variables with stronger coefficients of determination were rainfall (r2 of 0.77), wind
speed (r2 of 0.33), and water level (r2 of 0.31). Air temperature and inflow relationships
with Ri did not significantly explain the variations in the data.
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According to the evaluation criteria proposed by Moriasi et al. [67], the results indicate
that rainfall has a good coefficient of determination and is the main factor determining
the Pentecoste reservoir stratification. This condition means that, during the wet season,
the water column tends to be in a stratified state. Physically, rainfall may cause a density
current of colder water in the deepest region of the lake along with the retainment of heat
on the surface, as lower wind speeds and barely any evaporation are noted. The previous
condition favours the development of temperature followed by density gradients and,
consequently, stratification. On the other hand, wind speed and water level showed no
satisfactory results. In contrast, Han et al. [50] studied the hydrodynamics of a Spanish
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reservoir using a 1-D model and found that its thermal structure is mainly controlled by
inflow. Also, Santos et al. [68] found that decreasing water depth associated with high
wind speeds led to a breaking of the water column’s stability.

Moreover, as previously discussed, the results indicate that the precipitation represents
most of the thermal stratification’s variability since the relationship between rainfall and
Ri explains more than 75% of the variations in the data. In the wet season, inflow temper-
atures are usually lower than the water temperature in the reservoir. This condition can
potentially induce an underflow in the lake followed by stratification of the water column
developed not by heating the water surface but by cooling its deeper layer. Accordingly,
Curtarelli et al. [39] noted river inflow as a contributor to the water column’s stability with
higher-temperature gradients in the river-reservoir transition zone. Also, Plec et al. [42]
found underflow conditions in a tropical reservoir.

Additionally, with the proposed Ri and precipitation curve, the thermal stratification
is stable when monthly precipitation rates reach around 60 mm. This is a management
threshold as thermal stratification is usually associated with worse water quality. Therefore,
this information might be considered for reservoir’s operation. Note that wet seasons
have lower wind speeds, favouring the stratification process. Contrasting to the above,
Zhang et al. [22] found that rainfall hardly influenced the thermal stratification of a tem-
perate reservoir, with the thermal structure of the water body depending on both the
maximum depth of the water column and wind conditions. Ma et al. [24] analysed a semi-
arid reservoir with a remarkable seasonal behaviour of inflows, as in Pentecoste reservoir,
and concluded that the complete mixing of the reservoir is likely the result of variations
mainly in air temperature and wind, not mentioning the rainfall impact. Hence, during
drought periods, the reservoir remains at a lower water level, which could potentially
favour the mixing of the water column. Even though this scenario might indicate a bet-
ter water quality, a lower volume in the reservoir means less self-purification capability,
highlighting a complex issue.

The results of the Pentecoste reservoir did not exhibit a significant influence of the air
temperature on its thermal structure, in agreement with Magee and Wu [41]. Contrastingly,
Liu et al. [33] analysed a reservoir with an average depth of 30 m in China and found that
the increased air temperature significantly affected the thermal stability of the hypolimnion
layer during spring.

As for water level, in contrast to the findings of this study, Li et al. [1] and Lacerda et al. [3]
concluded that water-level drawdown significantly influences the lake’s thermal stratification.
Furthermore, Curtarelli et al. [39] found that the thermal structure of a Brazilian reservoir
is influenced by many environmental factors, although none of these studies proposed a
quantitative evaluation.

Overall, the results of this research are representative for other reservoirs with simi-
lar environmental conditions as the ones located in the Northeast region of Brazil, since
they are all under the same meteorological-hydrological regimes: inflows limited to the
wet season and stronger wind speeds in the dry period [69–72]. The marked stratifica-
tion pattern observed in the wet season suggests that periods with high storage volumes
probably have poor water quality. This is confirmed by Rocha and Lima Neto [69,70],
who noted peaks of external-phosphorus loads during the wet period, which favoured
the reservoir’s water-quality deterioration. On the other hand, Carneiro et al. [72] found
a more stable stratification pattern in the wet period, which was associated with very
low dissolved-oxygen levels below the thermocline and internal-phosphorus release from
the bottom sediment to the water column. However, it is important to stress that se-
vere drought periods may present a complex behaviour as lower water volume indicates
both mixing conditions, a state usually associated with better water quality, and less self-
purification efficiency, which is one of the circumstances indicative of poor water quality.
Therefore, future studies under severe drought conditions are suggested, as poor water
quality has also been related to low water volumes and higher wind speeds, as reported by
Rocha and Lima Neto [71].
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Previous findings can help improve the regional water-management tools, even though
it is important to highlight that more extended calibration and validation periods with dry
and wet seasons in both phases to improve model’s reliability. We also suggest further
investigation into the water-quality behaviour of Pentecoste reservoir, along with conjunct
evaluations of hydrodynamics, especially during severe drought periods.

4. Conclusions

The thermal regime of Pentecoste reservoir, a multiple-use lake with a maximum
depth of about 20 metres located in the Brazilian semi-arid region, was analysed with
Richardson’s number (Ri) by using the laterally averaged CE-QUAL-W2 model.

The main findings were that seasonality is the dominant variability for the lake’s
thermal structure, with higher stratification stability occurring during the wet season
and potentially promoting poorer water quality. This resulted in a strong coefficient of
determination between Ri and rainfall (r2 of 0.77) and a monthly rainfall threshold of 60 mm
for the initiation of stratification of the water column. Seasonal variance of meteorological
forcing proved to influence most on the lake’s stratification pattern, as no significant
nictemeral variability, i.e., variability through the day, on the thermal structure of the
reservoir was observed. Contrastingly, Ri showed no significant spatial variability along
the reservoir.

This study advances the knowledge of dryland-reservoir dynamics, although limita-
tions need to be highlighted. Among them, data for the model set-up is not available. The
lack of measurements spatially distributed in the reservoir is also a weakness. Therefore,
as recommendations for future research, we suggest that the measurements are made
through an extended period, e.g., at least two years, allowing for both calibration and
validation processes to be developed for all seasons. Ideally, data collection would take
place in multiple sampling points in the lake and also including severe drought periods and
water-quality parameters. As for meteorological data, installing a weather station in-loco
would be beneficial.

Finally, the results presented in this study can lead to an improvement in water-
management tools, as Pentecoste reservoir has a more stable stratification pattern and
probably poorer water quality in the wet season. On the other hand, future studies under
severe drought conditions are suggested, as poor water quality has also been related to low
water volumes.
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//www.mdpi.com/article/10.3390/su142316051/s1, Figure S1: Modelled and measured temperature
profiles for the calibration period; Figure S2: Modelled and measured temperature profiles for the
validation period; Figure S3: Pentecoste reservoir’s variability in Richardson’s Number (validation
segment); Figure S4: Richardson’s hourly evaluation for each analysed segment. The red line
represents the threshold Ri = 0.25; Figure S5: Richardson’s monthly evaluation for each analysed
segment. The red line represents the threshold Ri = 0.25.
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